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Introduction
Simulation assumptions for RRM prediction was discussed in [POST125bis][021][AIML mobility] Simulation assumptions and methodology (OPPO). In this contribution, we continue discuss the details that were not covered in the post email discussion. 
Discussion
UE trajectory
During [POST125bis][021][AIML mobility] Simulation assumptions and methodology, following options of UE trajectory were discussed:
1) Option 1: Linear trajectory model with random direction change.
2) Option 2: Linear trajectory model with random and smooth direction change.
3) Option 3: Random direction straight-line trajectories. 
Furthermore, when UE reaches to the boundary of the simulation environment, how should UE do is not covered in RAN1 simulation work for beam management use cases. Following two options were considered in TR36.839:
· After initially dropped at a random location, the UE will randomly select a direction and move in straight line at a constant speed till hitting the simulation border.
· For the wrap-around model, when the UE hit the simulation border (the wrap-around contour), it will wrap around and enter the simulation area from a different point on the wrap-around contour
· For the bouncing-circle model, when the UE hit the simulation border (the bouncing-circle), it will bounce back with a random angle.
In our understanding, the randomness of UE trajectory will impact the performance of how AI/ML model will behave. For example, if UE is moving with same speed in a fixed direction and then stops, the handover decision can be easily predicted based on UE trajectory. However, in reality, a UE can change its direction and speed suddenly while it’s moving. Furthermore, it is more useful to consider either warp-around or bouncing-circle model when we do handover performance evaluation, e.g. ping-pong, etc. 
Recalling that one of the key study goal of this SI is to reduce measurement overhead while keeping handover performance in the same level as legacy handover (or at least not degraded much). When UE suddenly change its speed and/or direction, real-time measurement becomes more important than other cases. Therefore, considering warp-around model or bouncing-circle model is also very important for measurement overhead reduction evaluation.
Observation 1: It is important to consider sudden position or direction change during AI/ML mobility simulation evaluation to reflect the reality of UE behaviour.
Proposal 1: Wrap-around and/or bouncing circle model should be considered as baseline.
Additionally, if bouncing-circle approach is considered, to save the simulation time, it is suggested to have the simulation circle size of 1.8 ISD. Furthermore, the time-of-stay when a bounce occurs is not logged. Regarding to UE distribution, a UE is randomly placed in the simulation area initially, and it is assumed that UEs are uniformly distributed over the simulation area. 
Proposal 2: Simulation circle size for bouncing-circle approach is 1.8 ISD.
Proposal 3: UE should be randomly placed in the simulation area, and all UEs are uniformly distributed over the simulation area.
Consideration of handover performance evaluation
It was agreed in RAN2 #125bis meeting:
1. As a first step we will focus on measurement prediction accuracy.  FFS whether and what system level performance evaluation is needed
In this section, we mainly discuss whether system level performance needs to be considered after intermediate KPIs are evaluated. 
It was summarized in [POST125bis][021][AIML mobility] Simulation assumptions and methodology, there are two study goals of this SI:
	Conclusion 1: 1st study goal of evaluation is to reduce measurement overhead
Conclusion 2: 2nd study goal of evaluation is to enhance handover performance


For 1st study goal of evaluation, while measurement overhead is reduced during simulation evaluation, one should also make sure the handover performance will not be degraded significantly. However, it might be acceptable if the handover failure rate only increases a certain percentage, e.g. less than X%, etc.
Proposal 4: Handover performance of measurement overhead reduction should not be at the expense of a reduction in handover performance beyond an acceptable rate. FFS on the values.
On the other hand, for 2nd study goal, as discussed in the post email discussion, the measurement is not reduced during evaluation, while handover performance gain needs to be achieved. This is only possible to be evaluated when temporal domain use case is considered, where measurements in the future is predicted based on historical ones of the same cell, i.e. Case A. 


Proposal 5: Handover performance improvement is only evaluated for temporal domain RRM prediction Case A.
Conclusion
In this contribution, we further discuss the simulation assumptions that are not covered by [POST125bis][021][AIML mobility] Simulation assumptions and methodology, with following observations and proposals:
Observation 1: It is important to consider sudden position or direction change during AI/ML mobility simulation evaluation to reflect the reality of UE behaviour.
Proposal 1: Wrap-around and/or bouncing circle model should be considered as baseline.
Proposal 2: Simulation circle size for bouncing-circle approach is 1.8 ISD.
Proposal 3: UE should be randomly placed in the simulation area, and all UEs are uniformly distributed over the simulation area.
Proposal 4: Handover performance of measurement overhead reduction should not be at the expense of a reduction in handover performance beyond an acceptable rate. FFS on the values.
Proposal 5: Handover performance improvement is only evaluated for temporal domain RRM prediction Case A.
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